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• “When therefore you do your charity giving, you should 
not blast a trumpet before you like the pretenders in the 
synagogues and in the streets”. (Matthew: ch 6, v2)  

 

• “The size of your gift can persuade your peer to make a 
contribution as significant as yours.”  

– How to succeed in fundraising by really trying 

 

Two alternative views on social influence 



“When [Brooke Astor]  gave one donation to the New York Library,  
three major gifts from Bill Blass, Dorothy and Lewis Cullman and  
Sandra and Fred Rose all followed, with her generosity cited 
 as the inspiration.” (New York Times) 



Modern equivalent 



Sample Size: 17,989 Very 
important 

Somewhat 
important 

Not very 
important 

Not at all 
important 

Not 
applicable 

A sense that my money will be 
used efficiently/ effectively  

56.1% 35.0% 6.9% 1.6% 0.6% 

The charity’s cause or mission  45.1% 44.1% 8.4% 1.9% 0.6% 

My income and what I can afford  45.3% 42.3% 9.0% 2.5% 0.8% 

A personal connection to the 
fundraiser 

41.5% 43.4% 10.6% 3.5% 1.1% 

The fundraiser’s reason for 
fundraising 

38.0% 48.0% 10.1% 3.0% 1.0% 

The reputation of the charity 32.7% 47.5% 15.3% 3.4% 1.0% 

Tax relief (e.g. Gift Aid) 21.7% 34.8% 23.5% 14.3% 5.8% 

Type of fundraising event 14.4% 45.8% 29.8% 8.6% 1.5% 

The name of the charity 14.1% 39.4% 32.5% 12.1% 1.9% 

The total amount the fundraiser is 
seeking to raise 

3.3% 28.0% 38.9% 24.9% 5.1% 

How much other people have 
given to the fundraiser 

2.7% 21.6% 39.0% 33.1% 3.7% 

An individual amount suggested 
by the fundraiser 

1.4% 15.9% 39.6% 29.9% 13.2% 

How important are each of the following in deciding how much to give? 



This paper 

• How does the amount that people give respond to information on how 
much other people have given?  

 

• Higher donations could lead to people giving less...  

– Free-riding 

 

• ... Or to giving more  

– Higher donations make it more likely that a threshold level will be met 

– Higher donations provide a signal about the quality of the charity 

– Higher donations mean people need to give more to signal generosity/ 
wealth, or to conform 

 

• We find evidence of strong effects (positive and negative) 

• Social mechanisms are the most likely explanation 

 

 



This paper 
 

 

• Exploit online fundraising: 

– Justgiving 

– Virgin Money Giving 

 

• Donations on behalf of people running in the 2010 London marathon 

 

• Donations are made online to individual fundraising pages; donors see 
all previous donations to the page when they go to make a donation 

 

 

 



Donors can scroll down to see earlier donations 



Overview 

• Potential issues with using the marathon data 

• Donations to a (fundraising) page likely to be correlated  

– Donors share characteristics (income, age etc) 

– Same charity and fundraiser 

• We exploit within-page variation to identify the effect of past 
donations 

 

• Advantages of using the marathon data 

• Scale of fundraising activity: >300,000 donations to >10,000 
fundraisers running on behalf of 1,000+ charities   

• Situation where donors have full information on past donations 

 

 

 



 
Fundraisers 

10,000+ people running in the 
marathon who set up a 

fundraising page 
 

1,000+ 
Charities  

300,000+ donors 
often friends, family and colleagues of fundraiser 

Match information from 
Charity Commission Register 

Match information 
from Marathon results  
database 

Assign gender 
Based on name 



Sample summary statistics 

Regression sample: 
Include only pages with 10 – 100 donations, exclude first five donations to each page 
Exclude pages with donations > £1,000 
Focus on targets between £200 and £7,000 (and no offline donations) 
 

Mean St. dev. Min. 1st pctile Med. 99th 

pctile 

Max. 

Number of donations per page 34.5 25.4 1 1 29 114 370 

Total raised online per page £1,093 £1,401 £1 £20 £778 £5,710 £40,326 

Total raised offline per page £335 £1,115 £0 £0 £0 £3,077 £53,000 

Online donations – all   £30.31 £66.02 £1 £5 £20 £200 £10,000 

Online donations – made by men  £35.38 £78.36 £1 £5 £20 £250 £10,000 

Online donations – made by women  £24.96 £49.22 £1 £5 £20 £150 £6,550 

Proportion of pages with target .803 

Prop. of pages with target achieved .395 

Target amounts £99,985 £9.9 m £0.01 £200 £1,500 £7,000 £1 bn 



Large and small donations as a “natural experiment” 

• We exploit within-page variation to identify the effect of how much 
other people have given 

 

• Natural experiment: What happens if I arrive at a page just after a 
“large” or “small” donation? Will this affect how much I give?  

 

• Compare amounts given just before/after the large (small) donation 

• Idea that exact timing of donations is random  

 

• “Large” donation = twice page mean, >£50. Mean = £102.  

• “Small” donation = half the page mean. Mean = £8.61.  

• Focus on first large/ small donation, ignoring those within the first 
five donations to a page.  

 



Arriving after a “large” donation has a positive effect 
on the amount that people give 
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The amount given 
increases by £10 

No apparent effect on how many people give 
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The size of the large donation matters: 

NB: Graphs exclude the large donation itself and focus on the five donations before/after 



Arriving after a “small” donation has a negative effect 
on the amount that people give 
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The amount given 
falls by £3 

Again, no apparent effect on how many people give 



Large and small donations as a natural experiment 

 

• Do large donations on one page crowd out donations to other pages?  

• In our JG sample there are 1,626 donors who make at least three 
donations to different pages 

 

• Do they give more/less if they follow a large donation on one page? 

• Own page effect = 7.250, SE = 4.138 

 

• Do they give more/less when they subsequently go to another page?  

• Spillover effect = 2.588, SE = 1.804 



Regression analysis 

• Regression analysis confirms the positive influence of past donations: 
a £10 increase in the mean of past donations raises the amount given 
by £3.50 

 

• Regression analysis shows that this effect is not smaller for 

– Pages without targets, compared to those with targets 

– Bigger charities, compared to smaller charities 

– Older charities, compared to younger charities 

– Domestic charities, compared to overseas charities 

– Older donors (40+ ), compared to younger 

 

• It is bigger for male donors than for female 

 

 



Behaviour around the target 

 

 

• 80% of pages have a target amount (median = £1,500) 

• Half of these achieve the target amount 

 

• How do donations behave around the target amount? 

• Again, relying on random variation in exact timing of when donors 
arrive at the page  

 

• Caveat – fundraisers can change their target; we don’t know how 
extensive this is in practice 

 

 



Profile of  donations around the target 
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Conclusions and points for discussion 

• This paper provides robust evidence of sizeable peer effects in giving 

– Large, early donations can increase total fundraising 

– £100 donation will repay itself in ten donations’ time 

• But, peer effects can be negative as well as positive 

 

• The paper also sheds some light on why other donations matter 

• Not (just) threshold effects; not a quality-signalling story 

 

• Specific context of online fundraising among friends, family etc 

• What type of peers have effects? 

• What about other sources of information on how much other people 
have given? 

 

 

 





First large donation   

Three before/  

Three after 

Five before/   

Five after 

Five before/ 

Ten after 

Five before/ 

Twenty after 
  

After 12.622** 11.171** 10.517** 9.797**   

(1.034) (0.746) (0.562) (0.391)   

N 17,213 16,720 8,024 2,938   
Different sized large donations (five before/after)    

Twice mean Three times mean Five times mean Ten times mean   

After 9.394** 10.304** 15.184** 15.203**   

(1.133) (1.166) (1.957) (3.329)   

N 17213 16720 8024 2938   
First small donation   

Three before/  

Three after 

Five before/   

Five after 

Five before/ 

Ten after 

Five before/ 

Twenty after 
  

After -5.567** -5.591** -3.589** -2.987**   

(0.764) (0.565) (0.488) (0.451)   

N 35,051 59,187 109,118 298,872   
Notes to table: Regressions include additional controls for place within page (linear trend), indicators for days since 
page was set up (capped at 100) and indicator variables for two days and one day before the marathon, the day of  
the marathon and (any) days after the marathon 

Effect of  large/ small donation – fixed effects regression results: Amount given (£) 



Fixed effects Difference 

GMM 

Difference 

GMM 
Target donation 54.255** 

(3.881) 
47.471** 

(0.059) 
50.323** 

(1.476) 
Reached target -2.892** 

(0.544) 
-2.838 

(1.489) 
7.365** 

(1.772) 
Past_mean (£) 0.338** 

(0.059) 
0.327** 

(0.039) 
Past_mean * Reachedtarget -0.303** 

(0.046) 
Number of  obs = NI  139,732 127,522 127,522 
Number of  pages = I  4,221 3,839 3,839 
 

Crowd in effect appears to go away once the target has been reached 
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